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Abstract: Vestibular dysfunction diseases are difficult to diagnose and treat due to the complexity and variety of clinical
manifestations, and they are easily confused with diseases of the central nervous system and other systems. In recent years, with the
penetration of artificial intelligence technology in various fields, various types of machine algorithms have shown better performance
than artificial algorithms in clinical medicine. In this paper, we review the current status of the application of Al technology in the
diagnosis, differential diagnosis and vestibular rehabilitation of vestibular dysfunction, and look forward to its future application
prospects.
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